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Model\Validation Performance Macro-F1 Precision Recall Accuracy

1-Layer-Perceptron (added ‘funny’, ‘cool’, ‘useful’) 0.5422 0.5789 0.5305 0.6590

CNN (added ‘funny’, ‘cool’, ‘useful’) 0.5609 0.5688 0.5682 0.6620

RNN (Bi-directional LSTM) 0.4785 0.5101 0.4818 0.5995

RNN + CNN (dropout rate 0.4) 0.5105 0.5605 0.5114 0.6515

Strong Baseline 0.5370 0.5509 0.5324 0.6500
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Validation Performance Macro-F1 Precision Recall Accuracy

Weak baseline 0.4270 0.5420 0.4325 0.6135

Strong baseline 0.5370 0.5509 0.5324 0.6500
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1-gram High Frequency 1-gram
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1-gram

3-gram

2-gram

4-gram
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High Frequency 1-gram High Frequency all-gram
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One-Hot TF-IDF

Count
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One-Hot TF-IDF

Count
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Strong Baseline 0.5370 0.5509 0.5324 0.6500

Model\Validation Performance Macro-F1 Precision Recall Accuracy

1-Layer-Perceptron 0.6120 0.7425 0.5205 0.6520
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Strong Baseline 0.5370 0.5509 0.5324 0.6500

Model\Validation Performance Macro-F1 Precision Recall Accuracy

1-Layer-Perceptron (Validation Split) 0.6044 0.7324 0.5145 0.6530
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Strong Baseline 0.5370 0.5509 0.5324 0.6500

Model\Validation Performance Macro-F1 Precision Recall Accuracy

1-Layer-Perceptron 0.6064 0.7511 0.5085 0.6590



60



61



62



63



64



65



66



67



Strong Baseline 0.5370 0.5509 0.5324 0.6500

Model\Validation Performance Macro-F1 Precision Recall Accuracy

CNN (2nd Trial) 0.6365 0.7263 0.5665 0.6530

1st Trial 2nd Trial
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Strong Baseline 0.5370 0.5509 0.5324 0.6500

Model\Validation Performance Macro-F1 Precision Recall Accuracy

CNN (add ‘useful’, ‘funny’, ‘cool’) 0.6371 0.7372 0.5610 0.6620
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Strong Baseline 0.5370 0.5509 0.5324 0.6500

Model\Validation Performance Macro-F1 Precision Recall Accuracy

RNN (Bidirectional LSTM) 0.4785 0.5101 0.4818 0.5995
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Strong Baseline 0.5370 0.5509 0.5324 0.6500

Model\Validation Performance Macro-F1 Precision Recall Accuracy

RNN+CNN (dropout rate 0.4) 0.6275 0.7168 0.5580 0.6515
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Model\Validation Performance Macro-F1 Precision Recall Accuracy

1-Layer-Perceptron (added ‘funny’, ‘cool’, ‘useful’) 0.5422 0.5789 0.5305 0.6590

CNN (added ‘funny’, ‘cool’, ‘useful’) 0.5609 0.5688 0.5682 0.6620

RNN (Bi-directional LSTM) 0.4785 0.5101 0.4818 0.5995

RNN + CNN (dropout rate 0.4) 0.5105 0.5605 0.5114 0.6515

Strong Baseline 0.5370 0.5509 0.5324 0.6500
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https://machinelearningmastery.com/feature-selection-with-real-and-categorical-data/
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https://machinelearningmastery.com/feature-selection-with-real-and-categorical-data/
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https://medium.com/analytics-vidhya/understanding-embedding-layer-in-keras-bbe3ff1327ce
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https://medium.com/analytics-vidhya/understanding-embedding-layer-in-keras-bbe3ff1327ce


https://machinelearningmastery.com/develop-word-embedding-model-predicting-movie-review-sentiment/
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https://machinelearningmastery.com/develop-word-embedding-model-predicting-movie-review-sentiment/
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https://machinelearningmastery.com/best-practices-document-classification-deep-learning/
https://towardsai.net/p/deep-learning/text-classification-with-rnn?amp=1


https://yerevann.github.io/2016/06/26/combining-cnn-and-rnn-for-spoken-language-identification/#combinations-of-cnn-and-rnn
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http://arxiv.org/abs/1602.00367v1
https://yerevann.github.io/2016/06/26/combining-cnn-and-rnn-for-spoken-language-identification/#combinations-of-cnn-and-rnn


Useful Source (NLP Pipeline with Code): https://towardsdatascience.com/text-analysis-feature-engineering-with-nlp-502d6ea9225d
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https://towardsdatascience.com/text-analysis-feature-engineering-with-nlp-502d6ea9225d

